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Seminar Topics

• Presentation is downloadable on our website:

https://www.bwl.uni-mannheim.de/en/theissen/teaching/master-courses/seminars/
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Chair of Finance (I)

• Address:
– L 9, 1-2

– Secretary: third floor (“3. OG“)

– Assistants: second, fourth, and fifth floor

• Office hours:
– By appointment

– General questions: Please visit our homepage first

– Secretary: Mo-Fr  09.00 – 12.00 am
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Chair of Finance (II)

• Research at the Chair of Finance 

a) Market Microstructure

b) Empirical Asset Pricing

c) Blockchain & Cryptocurrency
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Assignment of Seminar Topics

• Prerequisites:
– We recommend that you attend the course CC 502 Applied Econometrics before you take the

seminar. Please note that CC 502 Applied Econometrics will become a prerequisite in the next year.

– You must have successfully completed one core course (FIN 5XX) from the Area “Banking, Finance,
and Insurance”.

– Please note that a FIN 6XX course is not (!) enough.

• The assignment of topics is carried out jointly by the chairs of the
Area “Banking, Finance, and Insurance”.

• Assignment of topics will be based on your grades in the Area
“Banking, Finance, and Insurance” and your priority list.
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Time Schedule

• Application period:

– Wednesday, 01.06.2022 – Wednesday, 15.06.2022

• Topics Allocation Announcement and Starting Date:

– Monday, 27.06.2022

• Submission deadline:

– Monday, 22.08.2022 (8 weeks)

• Seminar presentations

– Thursday, 08.09.2022 + Friday, 09.09.2022 (in person)
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Stata and Database Tutorials

FIN 604 – Stata in Finance

• Short crash course on how to write an empirical paper using Stata 
and the databases offered at the University of Mannheim 

• Next date:

– Monday, 27.06.2022 – Thursday, 30.06.2022

• Registration:

– For participation in class, please join the Ilias group. To participate in the exam, 
in addition registration for the exam in portal 2 is necessary. 

• Further information is available under the following link:
https://www.bwl.uni-mannheim.de/theissen/lehre/masterlehre/fin-604-stata-in-finance/
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Guide to Scientific Writing

• An information sheet on writing a seminar paper or a master 
thesis is provided on our website:

https://www.bwl.uni-
mannheim.de/media/Lehrstuehle/bwl/Theissen/Services/Leitfaden_wisse
nschaftliche_Arbeiten_SeminarMaster.pdf

• Literature in foreign languages:

– Please only include literature that is written either in English or German.
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Important Remarks

• Disclaimer:

– We will offer 12 seminar theses in total. Hence, we might assign topics twice. 

• Plagiarism policy:

– Your seminar thesis will be analyzed by plagiarism detection software (Turnitin). 

– Our chair has a zero-tolerance policy regarding plagiarism.

– Students who submit plagiarized work will be graded with 5.0.

• Language quality:

– Grading of your seminar thesis takes also into account the language quality. 

– Linguistic shortcomings negatively impacts your final grade.

– The seminar thesis can be either written in English or German.
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Data Storage

• Disclaimer:

– You are responsible for your data. It can always happen that your computer breaks
down, is stolen, or damaged in any other way. However, you are responsible for having a
backup of your thesis and your progress. Please make sure that you have enough
backups. There will be no extensions of the deadline. (Even if we were willing to grant
you an extension of the deadline, we are not allowed to.)

• Backups:

– Mail

– Dropbox

– USB drive/external hard drive

– Cloud

– …
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Seminar Topics

Questions ???
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T1. Intraday and Overnight Returns in the German Equity Market

Erik Theissen

Topic Description
Stock returns can be decomposed into an intraday return (open-to-close) and an overnight return
(close-to-open). Recent empirical evidence suggests that intraday and overnight returns are
distinctly different.

The objective of this paper is to (a) briefly review the literature on intraday and overnight return
behavior and to (b) perform an empirical analysis for the German stock market. This analysis could
focus on (some or all of) the following issues.

• Are returns earned intraday or overnight?

• Is the return-beta relation different for intraday and overnight returns?

• Is momentum present in intraday and overnight returns alike?

Requirements
The empirical work requires the use of large databases (e.g. Eikon). The databases are readily accessible for
affiliates of the University of Mannheim. The candidate should be familiar with the use of a statistical software
program (such as STATA) and econometric methods.
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Starting References
• Baradehi, Y., V. Bogousslavsky and D. Muravyev (2022): What Drives Momentum and Reversal? 

Evidence from Day and Night Signals. Working Paper. 

• Bogiusslavsky, V. (2021): The Cross-Section of Intraday and Overnight Returns. Journal of
Financial Economics 141, 172-194. 
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T2. Residual Momentum and Stock-Level Risk Adjustment

Erik Theissen 

Topic Description
Momentum strategies usually sort stocks based on their past return. A residual momentum
strategy sorts stocks into portfolios based on their alphas: Regress the excess returns of the stock
on a set of factors (using e.g. 12 months of daily data) and extract the intercept (=the alpha). Sort
stocks into winner and loser portfolios based on their alphas and then proceed as usual. Residual
momentum strategies have been shown to be profitable.

Risk correction for momentum strategies is usually done at the portfolio level in a single time-
series regression. This may be inappropriate because the time series regression assumes constant
factor exposure while in fact composition (and factor exposure) of the momentum portfolio
change. Stock-level risk adjustment is a procedure that addresses this concern by adjusting for risk
at the stock level.

The objective of this paper is to

• replicate the residual momentum analysis of Ehsani and Linnainmaa (2022) (basically their
Table 1).

• Use the stock-level risk adjustment procedure proposed in Theissen and Yilanci (2021) to
(re-)assess the profitability of the residual momentum strategy.

Requirements
The empirical work requires the use of large databases (i.e. Eikon). The databases are readily accessible for
affiliates of the University of Mannheim. The candidate should feel comfortable in the use of a statistical
software program (such as STATA) and econometric methods.
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Starting References
• Ehasani, S. and J. Linnainmaa (2022): What Does Residual Momentum Tell Us About Stock-

Level Momentum? Working Paper. 

• Theissen, E. and C. Yilanci (2020): Momentum? What Momentum? Working Paper. 
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T3. Mutual Fund Flow and Rating-induced Price Pressure
Mengnan Wu

Topic Description
• How do asset prices react to demand or supply shocks? A rapidly expanding literature has

used the investor flows to and from mutual funds as a source of exogenous price pressure. If
the required sales from individual investors are sufficiently large, the funds‘ liquidity needs
may put downward pressure on prices that is unrelated to the fundamental value of the
underlying stocks.

• The financial advice that guides households’ capital investments play a central role in driving
flows. Previous studies have found that mutual fund flows respond to past performance in
the form of external ratings. In June 2002, instead of ranking all equity funds against each
other, Morningstar began benchmarking funds against peer funds within their style. Ben-
David et al. (2022) analyzes the systematic impact of this reform on the stock market.

• Following Ben-David et al. (2022), the student is required to examine the rating-driven-flows-
induced price pressure and the return predictability in the cross-section of stock returns by
studying the mutual fund flow in the US market from Jan. 1991 to Dec. 2020.

• Relevant databases: Thomson Reuters, CRSP, Compustat and Morningstar Direct. Knowledge
of econometric software and ability to deal with big datasets are appreciated for the seminar
thesis.
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Starting References
• Ben-David, I., Li, J., Rossi, A., & Song, Y. (2022). Ratings-driven demand and systematic price 

fluctuations. The Review of Financial Studies, 35(6), 2790-2838.

• Lou, D. (2012). A flow-based explanation for return predictability. The Review of Financial 
Studies, 25(12), 3457-3489.

• Teo, M., & Woo, S. J. (2004). Style effects in the cross-section of stock returns. Journal of 
Financial Economics, 74(2), 367-398.

• Wardlaw, M. (2020). Measuring mutual fund flow pressure as shock to stock returns. The 
Journal of Finance. Advance online version. doi: 10. 1111/jofi.12962.
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T4. Forecasting Stock Returns in Good and Bad Times
Mengnan Wu

Topic Description
• While return predictability has long been a controversial field, literature has documented

many predictors in the past decades. However, most of predictors no longer have significant
in-sample predictability (Goyal and Welch, 2008). Rapach et al.(2010) find return
predictability exists only when market is in bad times. This points out an open question
whether returns are predictable during good times.

• Given the fact that existing predictors have only restricted predictability, this paper should
further look for predictors that are able to predict returns during both good and bad times.
The student should focus on time-series momentum variables, which demonstrates a
remarkably consistent predictive power across different asset classes and markets
(Moskowitz et al.,2012).

• The aim of this seminar thesis is to replicate main tables of Huang et al. (2017), investigate
the predictive power of “time-series momentum” predictors among different market states
from 1963 to 2021, and give potential explanations for the asymmetric pattern of
predictability.

• Relevant database: CRSP. Knowledge of econometric software is appreciated for the seminar
thesis.
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Starting References
• Huang, D., Jiang, F., Jun, T. U., & Zhou, G. (2017). Forecasting stock returns in good and bad 

times: The role of market states.

• Welch, I., & Goyal, A. (2007). A comprehensive look at the empirical performance of equity 
premium prediction. The Review of Financial Studies, 21(4), 1455-1508.

• Rapach D E, Strauss J K, Zhou G. (2010). Out-of-sample equity premium prediction: 
Combination forecasts and links to the real economy. The Review of Financial Studies, 23(2): 
821-862.

• Moskowitz T J, Ooi Y H, Pedersen L H. (2012). Time series momentum. Journal of Financial 
Economics, 104(2): 228-250.
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T5. High-frequency Trading in Cryptocurrencies
Stefan Scharnowski

Topic Description
• The market for cryptocurrencies is continuously evolving and maturing. Once an obscure

virtual asset held only by a small number of tech-savvy individuals, trading activity now has
increased substantially.

• Though small retail investors still constitute a meaningful fraction of trading activity, much of
cryptocurrency trading is automated and now happens at speeds orders of magnitude faster
than what human traders could achieve.

• The aim of this thesis is to document the speed of trading in cryptocurrencies, thus providing
evidence of algorithmic and high-frequency trading. To this end, the thesis will study the
trading reaction to publicly available and precisely timestamped news, either focusing on
social media news (e.g. tweets by Elon Musk or Nayib Bukele) or on macroeconomic news
(e.g. FOMC announcements).

Requirements
The empirical work requires the use of large databases. The databases are publicly available. The candidate
should feel comfortable in the use of a statistical software program (such as Stata) and econometric methods.
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Starting References
• Aleti, S. & Mizrach, B. (2020) Bitcoin spot and futures market microstructure. J Futures Markets. 2020; 1–

32. https://doi.org/10.1002/fut.22163

• Brogaard, J., Hagströmer, B., Nordén, L., & Riordan, R. (2015). Trading fast and slow: Colocation and 
liquidity. The Review of Financial Studies, 28(12), 3407-3443.

• Chen, Z. (2019). Flickering Quotes in Crypto-currency Trading (Doctoral dissertation, Georgetown 
University).

• Makarov, I., & Schoar, A. (2020). Trading and arbitrage in cryptocurrency markets. Journal of Financial 
Economics, 135(2), 293-319.

• Scharnowski, S. (2022). High-frequency tweeting and trading after hours. Working paper. Available at SSRN.
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T6. Liquid Staking
Stefan Scharnowski

Topic Description
• In order to secure the integrity of their blockchains, cryptocurrencies rely on different methods called

consensus protocols. Bitcoin uses the energy-intensive proof-of-work (PoW) mechanism where miners solve
otherwise meaningless mathematical puzzles. A popular alternative is proof-of-stake, where the right to
“mint” new blocks and thus append transactions to the blockchain and receive some reward in return is
randomly allocated to network participants (validators) that deposit some coins as stake.

• In principle, having this stake in the network locked-up for some time incentivizes the validators to behave
honestly and only process valid transactions. The downside is that in the meantime, they cannot use the
coins for other purposes. Liquid staking solves this by making staked tokens liquid. Investors lock their
staked coins into a staking protocol and receive a synthetic token (basically a derivative), which represents
the underlying staked coin. This token can be used elsewhere in the crypto ecosystem while the original
coin stays locked-up. Examples for liquid staking include Lido in for Ethereum and Marinade for Solana,
among others.

• The aim of this thesis is to empirically study the relationship between liquid stake tokens and the
underlying coins. A particular focus should be on the determinants of potential price differences between
the two assets.

Requirements
The empirical work requires the use of large databases. The data is publicly available. The candidate should feel
comfortable in the use of a statistical software program (such as Stata) and econometric methods.
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Starting References
• There is no study that I know of that looks at liquid staking. A good starting point are the 

documentations of the protocols themselves
– https://marinade.finance/ and https://lido.fi/

• Methodologically, any paper looking at dynamics between derivative and underlying may be 
helpful
– Alexander, C., Choi, J., Park, H., & Sohn, S. (2020). BitMEX bitcoin derivatives: Price discovery, informational efficiency, 

and hedging effectiveness. Journal of Futures Markets, 40(1), 23–43. https://doi.org/10.1002/fut.22050

– Baur, D. G., & Dimpfl, T. (2019). Price discovery in bitcoin spot or futures? Journal of Futures Markets, 39(7), 803–817. 
https://doi.org/10.1002/fut.22004

– Alexander, C., Choi, J., Massie, H. R. A., & Sohn, S. (2020). Price discovery and microstructure in ether spot and 
derivative markets. International Review of Financial Analysis, 71(May), 101506. 
https://doi.org/10.1016/j.irfa.2020.101506

• Some knowledge of decentralized finance (DeFi) is also useful
– Lehar, A., & Parlour, C. A. (2020). Decentralized Exchanges. Available at SSRN. 

– Capponi, A., & Jia, R. (2021). The Adoption of Blockchain-based Decentralized Exchanges: A Market Microstructure 
Analysis of the Automated Market Maker. SSRN Electronic Journal, 1–73. https://doi.org/10.2139/ssrn.3805095

– Lo, Y., & Medda, F. (2021). Uniswap and the Rise of the Decentralized Exchange. SSRN Electronic Journal, 103925. 
https://doi.org/10.2139/ssrn.3715398
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T7. GARCH Model and Cryptocurrencies 
Yanghua Shi

Topic Description
• Cryptocurrencies are highly volatile compared to conventional assets.

• Generalized Autoregressive Conditional Heteroskedasticity (GARCH) models is a well-used
model to describe a financial market with changing volatility. Hence attempts has been made
to fit GARCH models to cryptocurrencies, as done in Chu et al. (2017).

• The student is required to replicate (and extend) the research conducted by Chu et al. (2017)
with alternative data source(s).

Requirements
The empirical work requires the use of large databases on cryptocurrency market data. The candidate should
feel comfortable in the use of a statistical software program (such as STATA) and econometric methods.
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Starting References
• Alqaralleh, H., Abuhommous, A. A., & Alsaraireh, A. (2020). Modelling and Forecasting the Volatility of 

Cryptocurrencies: A Comparison of Nonlinear GARCH-Type Models. International Journal of Financial 
Research, 11(4).

• Bollerslev, Tim. "Generalized autoregressive conditional heteroskedasticity." Journal of econometrics 31.3 
(1986): 307-327.

• Chu, J., Chan, S., Nadarajah, S., & Osterrieder, J. (2017). GARCH modelling of cryptocurrencies. Journal of 
Risk and Financial Management, 10(4), 17.

• Catania, Leopoldo, Stefano Grassi, and Francesco Ravazzolo. "Predicting the volatility of cryptocurrency 
time-series." Mathematical and statistical methods for actuarial sciences and finance. Springer, Cham, 2018. 
203-207.

• Katsiampa, P. (2017). Volatility estimation for Bitcoin: A comparison of GARCH models. Economics 
Letters, 158, 3-6.

• Naimy, Viviane, Omar Haddad, and Rim El Khoury. "Modeling the Resilience of the Cryptocurrency Market 
to COVID-19." International Conference on Business Information Systems. Springer, Cham, 2022.

• https://faculty.washington.edu/ezivot/econ589/ch18-garch.pdf

• https://www.fsb.miamioh.edu/lij14/672_2014_s5.pdf
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T8. Cryptocurrency Liquidity Event Study
Yanghua Shi

Topic Description
• Cryptocurrency liquidity has been an academic interest.

• E.g. How the liquidity can be measured was investigated in Brauneis, et al. (2021); Yue et al.
(2021) investigated the effect of positive vs. negative news on cryptocurrency liquidity and
found asymmetric effect with an event study.

• Despite being able to be traded 24 hours a day around the globe, they are far less liquid than
other asset classes.

• The student is required to replicate (and extend) the research conducted by Yue et al. (2021)
using appropriate measure(s) and alternative data source(s).

Requirements
The empirical work requires the use of large databases on cryptocurrency market data. The candidate should
feel comfortable in the use of a statistical software program (such as STATA) and econometric methods.
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Starting References

• Yue, Wei, Sijia Zhang, and Qiang Zhang. "Asymmetric news effects on 
cryptocurrency liquidity: An Event study perspective." Finance Research 
Letters 41 (2021): 101799.

• Brauneis, Alexander, et al. "How to measure the liquidity of cryptocurrency 
markets?." Journal of Banking & Finance 124 (2021): 106041.

• Brauneis, Alexander, Roland Mestel, and Erik Theissen. "What drives the 
liquidity of cryptocurrencies? A long-term analysis." Finance Research 
Letters 39 (2021): 101537.

• Wei, Wang Chun. "Liquidity and market efficiency in cryptocurrencies." 
Economics Letters 168 (2018): 21-24.

• Zhang, Sijia, and Andros Gregoriou. "The price and liquidity impact of China 
forbidding initial coin offerings on the cryptocurrency market." Applied 
Economics Letters 27.20 (2020): 1695-1698.
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